Motivation

e Audio-Language Models (ALMs) like CLAP allow text-based retrieval of audio.
e Natural language queries are diverse and vary in syntax/wording.

e Human paraphrasing is natural — but can ALMs generalize to such variation?
e Early results: Up to 16% drop in retrieval when queries are paraphrased.
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e Sound classification performance is retained

Data Synthesis Pipeline

Two-step LLM generation Sample caption, paraphrase and cor- Error AnalySIS Whats Next?
: rected paraphrase

e Paraphrase Generation: prompt o |
LM with human written ICL Text: A person talking which later imitates Commop Error Patte!'ns Observed e Currently limited to s.hort audio, need to
examples. a couple of meow sounds. e Spurious correlation to non-paraphrased expand to .longer a.udlos

e Paraphrase Correction: prompt LLM Text-P’: An individual speaks, subsequently sound events | ° Faraphrasmg quality ceper.wo.ls on LLM,
to reason about correctness of mimicking some cat cries. . Capt.u res the dominant context but lacks incorporate huma.n supervision
paraphrase and correct if required Text-P: An individual speaks, subsequently precision * Captures the dominant context but lacks

mimicking some cat meows. e Does not capture sound attributes precision
e | imited to sound, expand to music and
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